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57 ABSTRACT

An object detection method includes an image acquisition
step of acquiring an image including a target object, a layer
image generation step of generating a plurality of layer
images by one or both of enlarging and reducing the image at
aplurality of different scales, a first detection step of detecting
aregion of at least a part of the target object as a first detected
region from each of the layer images, a selection step of
selecting at least one of the layer images based on the detected
first detected region and learning data learned in advance, a
second detection step of detecting a region of at least a part of
the target object in the selected layer image as a second
detected region, and an integration step of integrating a detec-
tion result detected in the first detection step and a detection
result detected in the second detection step.

12 Claims, 16 Drawing Sheets
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OBJECT DETECTION METHOD, OBJECT
DETECTION APPARATUS, AND PROGRAM

BACKGROUND OF THE INVENTION

1. Field of the Invention

The present invention relates to a method for performing
detection processing at a high speed while maintaining accu-
racy, and an object detection apparatus.

2. Description of the Related Art

As one of conventional methods to detect a target from an
image, there is a method including performing detection pro-
cessing with use of a model learned in advance, limiting a
range of layers in which a target is searched for based on the
detection result, and performing detection processing based
on a more highly accurate model.

Japanese Patent No. 4498296 discusses a method including
performing first detection on layer images, and performing
second detection only on the same layer image detected from
the first detection for a next input image.

However, according to the method discussed in Japanese
Patent No. 4498296, a searched layer is limited to the same
layer, but the same layer does not always have the highest
possibility of detection for the next input image. Further, in a
case where different models are used for the first detection
and the second detection, a layer from which a target is highly
likely detectable is not always the same layer for both the first
detection and the second detection, thereby leading to a prob-
lem of a reduction in detection accuracy as a whole.

SUMMARY OF THE INVENTION

According to an aspect of the present invention, an object
detection method includes an image acquisition step of
acquiring an image including a target object, a layer image
generation step of generating a plurality of layer images by
one or both of enlarging and reducing the image at a plurality
of different scales, a first detection step of detecting a region
of at least a part of the target object as a first detected region
from each of the layer images, a selection step of selecting at
least one of the layer images based on the detected first
detected region and learning data learned in advance, a sec-
ond detection step of detecting a region of at least a part of the
target object in the layer image selected in the selection step
as a second detected region, and an integration step of inte-
grating a detection result detected in the first detection step
and a detection result detected in the second detection step.

According to exemplary embodiments of the present
invention, it is possible to speed up entire processing while
maintaining detection accuracy.

Further features and aspects of the present invention will
become apparent from the following detailed description of
exemplary embodiments with reference to the attached draw-
ings.

BRIEF DESCRIPTION OF THE DRAWINGS

The accompanying drawings, which are incorporated in
and constitute a part of the specification, illustrate exemplary
embodiments, features, and aspects of the invention and,
together with the description, serve to explain the principles
of the invention.

FIG. 1 illustrates a configuration of an object detection
apparatus according to a first exemplary embodiment of the
present invention.
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FIG. 2 illustrates a processing process in the object detec-
tion method according to the first exemplary embodiment of
the present invention.

FIG. 3 illustrates a processing process in the object detec-
tion method according to the first exemplary embodiment of
the present invention.

FIG. 4 illustrates a processing process in the object detec-
tion method according to the first exemplary embodiment of
the present invention.

FIG. 5 illustrates a processing process in the object detec-
tion method according to the first exemplary embodiment of
the present invention.

FIG. 6 illustrates a processing process in the object detec-
tion method according to the first exemplary embodiment of
the present invention.

FIG. 7 is a flowchart illustrating processing processes in
the object detection method according to the first exemplary
embodiment of the present invention.

FIG. 8 illustrates a configuration of an object detection
apparatus according to a second exemplary embodiment of
the present invention.

FIG. 9 illustrates a processing process in the object detec-
tion method according to the second exemplary embodiment
of the present invention.

FIG. 10 illustrates a processing process in the object detec-
tion method according to the second exemplary embodiment
of the present invention.

FIG. 11 illustrates a processing process in the object detec-
tion method according to the second exemplary embodiment
of the present invention.

FIG. 12 illustrates a processing process in the object detec-
tion method according to the second exemplary embodiment
of the present invention.

FIG. 13 illustrates a processing process in the object detec-
tion method according to the second exemplary embodiment
of the present invention.

FIG. 14 illustrates a processing process in the object detec-
tion method according to the second exemplary embodiment
of the present invention.

FIG. 15 illustrates a configuration of an object detection
apparatus according to a third exemplary embodiment of the
present invention.

FIG. 16 illustrates a processing process in the object detec-
tion method according to the third exemplary embodiment of
the present invention.

DESCRIPTION OF THE EMBODIMENTS

Various exemplary embodiments, features, and aspects of
the invention will be described in detail below with reference
to the drawings.

An object detection method according to a first exemplary
embodiment of the present invention is a method for stably
detecting a target that exists in an image. An image acquisi-
tion unit may use an image captured with use of a camera, a
video camera, or a network camera, or may use an image
captured and stored in advance.

The present exemplary embodiment will be described
based on an example that captures an image including a
person, and detects a person that a user wants to detect from
the acquired image. In the present exemplary embodiment, a
detection target is a human, but is not limited thereto. For
example, the present invention can be also employed to detec-
tion of, for example, an animal or a plant.

FIG. 1 illustrates an outline of an object detection appara-
tus 100 according to the present exemplary embodiment.
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As illustrated in FIG. 1, the object detection apparatus 100
according to the present exemplary embodiment includes an
image acquisition unit 101, a feature amount generation unit
102, a first detection unit 103, a first estimation unit 104, a
layer limitation unit 105, a second detection unit 106, a sec-
ond estimation unit 107, and an integration unit 108.

The image acquisition unit 101 acquires an image from a
camera or among images captured in advance. The acquired
image is transmitted to the feature amount generation unit
102.

The feature amount generation unit 102 generates layer
images 201 by enlarging/reducing the image acquired by the
image acquisition unit 101 at predetermined scales as illus-
trated in FIG. 2, and generates a feature amount for each layer
image. In this way, the term “layer images” refers to images
generated by enlarging/reducing an image at predetermined
scales. The generated feature amount may be a Histogram of
Oriented Gradients (HOG) feature amount, a Haar-Like fea-
ture amount, a color feature amount, or an image generated by
integrating them. The generated layer feature amount is out-
put to the first detection unit 103 and the layer limitation unit
105.

The first detection unit 103 performs detection processing
on the feature amount of each of the layer images 201, which
is generated by the feature amount generation unit 102.

As illustrated in FIG. 3, in the present exemplary embodi-
ment, the first detection unit 103 detects a head portion sur-
rounding region of a person based on a feature amount of a
layer image 302, which is one ofthe layer images 201. As will
be used herein, the term “head portion surrounding region” is
used to indicate a region including not only a head of a person
but also even a shoulder. The detection target is not limited to
the head portion surrounding region of a person, and may be
an arm, a torso, a leg, or the like. Further, in the present
exemplary embodiment, the detection processing is per-
formed on a single image layer, but may be performed on
more or all layer images.

As a method for detecting an object, the detection process-
ing is performed by using a known technique such as HOG+
Super Vector Machine (SVM) (a reference literature: “Histo-
grams of Oriented Gradients for Human Detection” written
by N. Dalal and presented in Computer Vision and Pattern
Recognition (CVPR) 2005), Implicit ShapeModel (ISM)
(“Combined Object Categorization and Segmentation with
an Implicit Shape Model” written by B. Leibe and presented
in European Conference on Computer Vision (ECCV) 2004),
or Latent-SVM (“Object Detection with Discriminatively
Trained Part Based Models” written by P. Felzenszwalb, R.
Girshick, D. McAllester, and D. Ramanan, and presented in
Institute of Electrical and Electronics Engineers (IEEE) Pat-
tern Analysis and Machine Intelligence (PAMI) volume 32,
number 9, 2010). The first detection unit 103 detects a result
303 from the feature amount of the layer image 302, which is
one of the layer images 201.

Further, the first detection unit 103 may also perform the
detection processing for detecting a region of the target object
on the image acquired by the image acquisition unit 101. In
this case, the first detection unit 103 performs the detection
processing with use of a known technique such as pattern
matching.

The detection result 303 of the head portion surrounding
region, which is detected by the first detection unit 103, is
transmitted to the first estimation unit 104.

The first estimation unit 104 estimates a specific part region
with use of the detection result 303 acquired from the first
detection unit 103. In the present exemplary embodiment, the
first estimation unit 104 estimates a head portion region as the
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specific part region. As will be used herein, the term “head
portion region” is used to indicate only a head portion, while
the above-described head portion surrounding region means
the region including not only a head portion but also even a
shoulder. In the present exemplary embodiment, the first
detection unit 103 detects the head portion surrounding
region, and the first estimation unit 104 estimates only the
head portion. However, needless to say, in a case where the
first detection unit 103 detects another region than the head
portion surrounding region, the region estimated by the first
estimation unit 104 is not the head portion, too.

In the following description, a method for estimating the
head portion region will be described. As a method for esti-
mating the head portion region, the head portion region can be
calculated according to the following equation (1) with use of
positional coordinates of the detection result 303 of the head
portion surrounding region.

®

Y1
= +Ap
X2

In equation (1), x, and y, represent upper left coordinates
of'the detection result 303, and x, and y, represent lower right
coordinates of the detection result 303.

Inequation (1), “A” represents a detection result expressed
in the form of a matrix, which is constituted by a root filter
including a region from the head portion to the shoulder, and
a plurality of part filters 3031 to 3034 each expressing a part
of the root filter. Further, when the detection result is con-
verted into the matrix form, a difference is calculated between
central coordinates of each of the part filters 3031 to 3034 and
central coordinates of the detection result 303 at the detected
position.

An x coordinate of the coordinates as the difference is
normalized by a width w of the detection result region 303,
and ay coordinate is normalized by a height h of the detection
result 303. The normalized central coordinates x, y of the
respective part filters 3031 to 3034 are expressed in the form
of a matrix (a row includes the normalized coordinates of
each part filter of one detection result, and a column includes
each detection result), which is “A” in equation (1).

In equation (1), “p” represents a vector constituted by
coefficients for linear prediction of a size of the head portion
region based on a detection result from execution of detection
processing on learning data, and an actual size of a head
portion (an array of coefficients by which the normalized
central coordinates of the respective part filters are multi-
plied). The term “learning data” refers to a group of images
each showing a person prepared in advance.

As illustrated in FIG. 3, the first estimation unit 104 esti-
mates the head portion region from the head portion detection
result 303, and then can acquire an estimated result 304. This
head portion region 304 as an estimated result is output to the
layer limitation unit 105 and the integration unit 108.

The layer limitation unit 105 determines a layer where the
second detection unit 106 will perform detection processing
based on the feature amount generated by the feature amount
generation unit 102 and the head portion region 304 estimated
by the first estimation unit 104. As a determination method,
the layer limitation unit 105 calculates the layer with use of
equation (2).



US 9,213,909 B2

5

FIG. 4 illustrates a distribution chart 405 as a histogram of
a detection result in which the horizontal axis corresponds to
a layer of a detection result of the first detection unit 103, and
the vertical axis corresponds to a layer detected by the second
detection unit 106, with respect to the above-described learn-
ing data.

Further, FIG. 4 illustrates a distribution chart 406 as a
histogram of a detection result in which the horizontal axis
corresponds to a layer estimated by linear prediction from a
width size of the head portion region estimated by the first
estimation unit 104, and the vertical axis corresponds to a
layer of a result detected by the second detection unit 106,
with respect to the above-described learning data.

As illustrated in FIG. 4, distribution of layers suitable for
detection is indicated based on a size of the head portion
region, and it can be confirmed that the distribution of layers
is narrowed in the chart using the head portion region esti-
mated result. From this confirmation, coefficients coeff are
calculated with use of the least-square method based on the
distribution 406 acquired from the learning data.

coeff; 2)
coeff,

coeff;

=A"'B

Inequation (2), “A” represents a matrix constituted by results
from taking logarithms of head portion region sizes in the
learning data, and “B” represents a matrix constituted by
layers in the detection results of the second detection unit 106.

The layer is determined according to equation (3) with use
of the calculated coefficients coeff.

Layer=coeff *log(width)+coeft, *log(height)+coeff; 3)

Inequation (3), “width” represents a width of the head portion
region, and “height” represents a height of the head portion
region.

Detection processing is performed only on the feature
amount of a layer image 507, which coincides with or is the
closest to the layer acquired from equation (3), and detection
processing is not performed on the feature amounts of layers
509, which are other layers than the layer image 507.

The limited layer image 507 is output to the second detec-
tion unit 106.

The second detection unit 106 performs the detection pro-
cessing only on the feature amount of the limited layer image
507 based on the feature amount generation unit 102 and the
layer limitation unit 105. The present exemplary embodiment
detects the entire body of a person. Needless to say, a target
detected by the second detection unit 106 is not limited to the
entire body of a person.

As adetection processing method, the detection processing
is performed at each position by sliding a window of a model
508, which is learned in advance with use of a learning
method such as SVM or Boosting.

As illustrated in FIG. 6, detection results 610 to 612 are
acquired from the detection processing. The acquired detec-
tionresults 610 to 612 are output to the second estimation unit
107.

The second estimation unit 107 estimates the specific part
region from each of the detection results 610 to 612 expressed
as rectangular regions acquired by the second detection unit
106. In the present exemplary embodiment, the second esti-
mation unit 107 estimates the head portion region as the
specific part. Needless to say, the specific part estimated by
the second estimation unit 107 is not limited to the head
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portion region, but should be the same as the region estimated
by the first estimation unit 104. This is because the integration
unit 108, which will be described below, integrates the region
estimated by the first estimation unit 104 and the region
estimated by the second estimation unit 107.

As an estimation method, the specific part region can be
calculated with use of equation (1) used by the first estimation
unit 104. As illustrated in FIG. 6, head portion regions 620 to
622 expressed as calculated rectangular regions are output to
the integration unit 108.

The integration unit 108 integrates a head portion region
203 acquired by the first estimation unit 104, and the head
portion regions 620 to 622 acquired by the second estimation
unit 107, and outputs a final detection result.

As an integration method, the integration unit 108 calcu-
lates an overlap ratio between the head portion region 203 and
each of the head portion regions 620 to 622, and selects the
head portion region having the highest overlap ratio as a
frame from which the same target is detected.

As illustrated in FIG. 6, the head portion region 203 has the
highest overlap ratio with the head portion region 620, so that
these two detection results are selected as a combination, and
the detection result 610 is output as a final detection result.
The detection results 611 and 612 are determined as false
detection, and, therefore, are not output.

The present exemplary embodiment is configured in this
way.

Subsequently, processing performed by the object detec-
tion apparatus 100 according to the present exemplary
embodiment will be described with reference to a flowchart
illustrated in FIG. 7. A program code according to this flow-
chart is stored in a not-illustrated memory such as a random
access memory (RAM) or a read only memory (ROM) in the
method according to the present exemplary embodiment, and
is read out and executed by a not-illustrated central process-
ing unit (CPU) or the like.

In step S100, the entire process sing is started. First, the
processing proceeds to step S101, in which the image acqui-
sition unit 101 acquires an image from, for example, a camera
or an image file. The acquired image is transmitted to the
feature amount generation unit 102. Then, the processing
proceeds to step S102.

In step S102, the feature amount generation unit 102 gen-
erates the layer images 201 by performing image enlarge-
ment/reduction processing on the image acquired by the
image acquisition unit 101, and generates a feature amount
for each layer image.

The generated feature amount may be an HOG feature
amount, a Haar-Like feature amount, or a color feature
amount.

As aresult of this processing, a layer feature amount can be
acquired. The generated feature amount is output to the first
detection unit 103 and the layer limitation unit 105. Then, the
processing proceeds to step S103.

In step S103, the first detection unit 103 performs the
detection processing. The first detection unit 103 performs
the detection processing on the feature amount of the layer
image 302, which is one of the feature amounts of the layer
images 201.

Alternatively, the first detection unit 103 may perform the
detection processing on the generated feature amounts of the
layer images 201, or may perform the detection processing on
the image acquired by the image acquisition unit 101 by, for
example, pattern matching.

As a detection method, the first detection unit 103 uses a
known technique such as HOG+SVM. or ISM. Further, in the
present exemplary embodiment, the first detection unit 103
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detects the head portion region of a person. However, the
present invention is not limited thereby. The detection result
303 acquired from the detection processing is output to the
first estimation unit 104. Then, the processing proceeds to
step S104.

In step S104, it is determined whether the first detection
result can be acquired. If there is no detection result (NO in
step S104), the processing ends. If there is the detection result
303 (YES in step S104), the processing proceeds to step S105.

In step S105, the first estimation unit 104 estimates the
specific part region from the detection result 303 acquired
from the first detection unit 103.

In the present exemplary embodiment, the first estimation
unit 104 estimates the head portion region as the specific part.
However, in the present invention, the specific part region is
not limited to the head portion region. The first estimation unit
104 estimates the head portion region 304 from the detection
result 303 with use of the equation (1).

After completion of the entire head region estimation pro-
cessing, the acquired head portion region 304 is output to the
layer limitation unit 105 and the integration unit 108. Then,
the processing proceeds to step S106.

In step S106, the layer limitation unit 105 limits a layer
where the second detection unit 106 will perform the detec-
tion processing on the feature amount generated by the fea-
ture amount generation unit 102, with use of the head portion
region 304 estimated by the first estimation unit 104.

As a method for limiting the layer, the layer limitation unit
105 calculates coefficients with use of equation (2) while
setting a final result generated by integrating the results of the
first estimation unit 104 and the second estimation unit 107 as
the learning data, and calculates alayer from linear prediction
of the head portion frame and the coefficients according to
equation (3).

As a result, it is possible to determine a feature amount of
a layer most suitable for the detection processing by the
second detection unit 106. As illustrated in FIG. 5, the feature
amount of the layer image 507 for which the detection pro-
cessing is performed, and the feature amounts of the layer
images 509 for which the detection processing is not per-
formed are separated according to the determined layer. Then,
the processing proceeds to step S107.

In step S107, the second detection unit 106 performs the
detection processing.

As a detection method, the detection processing is per-
formed at each position by sliding the window of the model
508, which is learned in advance with use of a learning
method such as SVM or Boosting. Further, in the present
exemplary embodiment, the model detects the entire body of
a person, but the present invention is not limited thereby.

Asillustrated in FIG. 6, the detection results 610 to 612 are
acquired from the detection processing of the second detec-
tion unit 106. The detection results 610 to 612 are output to
the second estimation unit 107. Then, the processing pro-
ceeds to step S108.

In step S108, the second estimation unit 107 estimates a
specific part from each of the detection results 610 to 612
acquired from the second detection unit 106.

In the present exemplary embodiment, the second estima-
tion unit 107 estimates the head portion region as the specific
part, but the present invention is not limited thereby. As a
method for estimating the head portion region, the second
estimation unit 107 performs the estimation with use of the
equation (1) used by the first estimation unit 104.

As illustrated in FIG. 6, the head portion region estimated
results 620 to 622 estimated by the second estimation unit 107
are acquired. The acquired head portion region estimated
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results 620 to 622 are output to the integration unit 108. Then,
the processing proceeds to step S109.

In step S109, the integration unit 108 integrates the head
portion region 203 estimated by the first estimation unit 104,
and the head portion regions 620 to 622 estimated by the
second estimation unit 107.

As an integration processing method, the integration unit
108 calculates an overlap ratio between the head portion
region 203 and each of the head portion regions 620 to 622,
and selects the result of the combination achieving the highest
overlap ratio as the head portion frame from which the same
target is detected.

As illustrated in FIG. 6, the head portion region 203 has the
highest overlap ratio with the head portion frame 620, so these
two estimated frames are selected as a combination, and the
detection result 610 is output as a final detection result. Fur-
ther, the detection results 611 and 612 are processed as false
detection by the integration unit 108.

Then, the entire processing ends.

FIG. 8 illustrates an outline of an object detection appara-
tus 800 according to a second exemplary embodiment of the
present invention.

As illustrated in FIG. 8, the object detection apparatus 800
includes an image acquisition unit 801, a feature amount
generation unit 802, a first detection unit 803 having a plu-
rality of detection models, a first estimation unit 804, a layer
limitation unit 805, a second detection unit 806 having a
plurality of detection models, a second estimation unit 807,
and an integration unit 808.

The image acquisition unit 801 acquires animage 901 from
acamera or among images captured in advance. The acquired
image 901 is transmitted to the feature amount generation
unit 802.

The feature amount generation unit 802 generates layer
images 1002 by performing enlargement/reduction process-
ing on the image 901 acquired by the image acquisition unit
801 at predetermined scales as illustrated in FIG. 10, and
generates a feature amount for each layer of the layer images
1002. The generated feature amount may be a HOG feature
amount, a Haar-Like feature amount, or a color feature
amount.

The generated layer feature amount is output to the first
detection unit 803 and the layer limitation unit 805.

The first detection unit 803 performs detection processing
on the feature amount. As illustrated in FIG. 10, the first
detection unit 803 has a plurality of person’s head portion
regions as models, and performs detection processing at each
position by sliding a window of each model on the feature
amount of a layer image 1001, thereby detecting a region of a
target object. In the present exemplary embodiment, the first
detection unit 803 detects a head portion surrounding region
of a person. As will be used herein, the term “head portion
surrounding region” is used to indicate a region including not
only ahead of a person but also even a shoulder. The detection
target is not limited to the head portion surrounding region of
a person, and may be an arm, a torso, a leg, or the like.

The head portion region is detected with use of the known
technique described in the description of the first exemplary
embodiment.

The first detection unit 803 detects results 1104 to 1106 in
the feature amount of the layer image 1001. The detection
results 1104 to 1106 are transmitted to the first estimation unit
804.

The first estimation unit 804 estimates a specific part region
based on the detection results 1104 to 1106 of the head por-
tion surrounding region, which are acquired by the first detec-
tion unit 803. In the present exemplary embodiment, the first
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estimation unit 804 estimates a head portion region, but the
present invention is not limited thereby.

As a method for estimating the head portion region, the
head portion region can be acquired according to the follow-
ing equation (4) with use of positional coordinates of the
detection result of the first detection unit 803.

)

= + AP,

In equation (4), x, and y, represent upper left coordinates
of the detection result, and x, and y, represent lower right
coordinates of the detection result.

In equation (4), “A” represents a matrix converted from
values resulting from normalization of upper left coordinates
and lower right coordinates of part filters in a single detection
result based on the central coordinates and size of a root filter.
Further, “p,,” represents a vector constituted by coefficients
(“m” represents a model number) acquired from learning. At
this time, parameters of p,, are calculated for each model by
performing the least-square method on learning data having a
head portion frame as a correct answer and a frame of the
second detection unit 806 as a set.

As illustrated in FIG. 11, head portion region estimated
results 1114 to 1116 are estimated from the head portion
region detection results 1104 to 1106. These head portion
region estimated results 1114 to 1116 are output to the layer
limitation unit 805 and the integration unit 808.

The layer limitation unit 805 determines layers where the
second detection unit 806 will perform detection processing
on the feature amounts of the layer images 1002 based on the
head portion regions 1114 to 1116 estimated by the first
estimation unit 804.

FIG. 12 illustrates distributions in final detection results
output from the integration unit 108 with respect to the learn-
ing data, each indicating a size of the head portion region at
that time and a layer corresponding to a feature amount from
which the result output from the second detection unit 806 is
detected.

The distribution 1201 indicates the entire body of a person
in an upright position. The distribution 1202 indicates the
entire body of a person in a forward tilting position. The
distribution 1203 indicates the entire body of a person in a
squatting position. In a case where postures are different in
this way, different layers are suitable for estimation from the
size of the head portion region. Therefore, coefficients are
learned by the least-square method for each model, and are
calculated according to equation (5).

coeffi,, (5)
coeff,,,

coeffs,,

= A;'B,

m

In equation (5), “A,,” represents a matrix constituted by
results from taking logarithms of sizes of the head portion
frame in the learning data for each model, and “B,,” repre-
sents a matrix constituted by layers in the detection results of
the second detection unit 806 for each model.

The layer where detection will be performed is calculated
according to equation (6) with use of the calculated coeffi-
cients.
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Layer,,=coeff),, *log(width)+coeff,,, *log(height)+
coefts,,

Q)

It is possible to determine a layer most suitable for detec-
tion processing that the second detection unit 806 will per-
form by calculating a weighted sum of coefficients for this
head portion region. As illustrated in FIG. 13, layers 1307
where the detection processing is performed, and layers 1308
where the detection processing is not performed are separated
according to the determined layers 1307.

The second detection unit 806 performs the detection pro-
cessing only on the limited layer images 1307 based on the
feature amount generation unit 802 and the layer limitation
unit 805.

As illustrated in FIG. 13, as a detection processing method,
the processing is performed at each position by sliding a
window of each model 1309, which is learned in advance with
use of a learning method such as SVM or Boosting. In the
present exemplary embodiment, the model detects the entire
body of a person, but the present invention is not limited
thereby.

Further, in the present exemplary embodiment, for
example, the second detection unit 806 detects a person in an
upright position with use of some model, and detects a person
in a squatting position with use of another model. In this way,
the second detection unit 806 can detect a person’s body
corresponding to a posture change using different models. As
illustrated in FIG. 14, detection results 1410 to 1415 of per-
son’s entire bodies having different postures are acquired by
the detection processing. The acquired detection results 1410
to 1415 are output to the second estimation unit 807.

The second estimation unit 807 estimates a specific part
region from the detection results 1410 to 1415 acquired from
the second detection unit 806. In the present exemplary
embodiment, the second estimation unit 807 estimates a head
portion region, but the present invention is not limited
thereby. Needless to say, the specific part estimated by the
second estimation unit 807 is not limited to the head portion
region, but should be the same as the region estimated by the
first estimation unit 804. This is because the integration unit
808, which will be described below, integrates the region
estimated by the first estimation unit 804 and the region
estimated by the second estimation unit 807.

As an estimation method, the second estimation unit 807
estimates the head portion region for each model with use of
equation (4), which is used by the first estimation unit 804. As
a result, acquired head portion regions 1420 to 1425 are
output to the integration unit 808.

The integration unit 108 integrates the head portion regions
1114 to 1116 of the first estimation unit 804 and the head
portion regions 1420 to 1425 of the second estimation unit
807, in a similar manner to the first exemplary embodiment.
Finally, in the present exemplary embodiment, the regions
1410, 1411, and 1412 are output as a final detection result.

The present exemplary embodiment is configured in this
way.

FIG. 15 illustrates an outline of an object detection appa-
ratus 1500 according to a third exemplary embodiment of the
present invention.

As illustrated in FIG. 15, the object detection apparatus
1500 includes the following units. The object detection appa-
ratus 1500 includes the image acquisition unit 101, the feature
amount generation unit 802, the first detection unit 803 hav-
ing a plurality of detection models, the first estimation unit
804, a layer/range limitation unit 1505, a second detection
unit 1506 having a plurality of detection models, the second
estimation unit 807, and the integration unit 108.
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Inthe present exemplary embodiment, after the layer/range
limitation unit 1505 limits a layer and a detection processing
range for each of models to be used by the second detection
unit 1506, the second detection unit 1506 performs detection
processing according to this limitation. The layer/range limi-
tation unit 1505 determines a feature amount of a layer image
where detection will be performed for each model based on
the estimated size and the position of the head portion
acquired from the first estimation unit 804.

First, the layer/range limitation unit 1505 calculates a layer
withuse ofthe equation (6) to calculate a layer image 1601 for
a person in an upright position.

Next, the layer/range limitation unit 1505 determines a
detection processing range 1604 from a position 1602 of a
head portion estimated region and a filter size ofa model 1603
s0 as to allow a thorough search in a range including the filter
of'the model 1603 above, below, to the right of, and to the left
of the head portion estimated position 1602 with the head
portion estimated position 1602 set as a center. At this time,
the detection processing range 1604 may be stored in a
memory as a region, or may be held as a map in which the
interior of the detection processing range 1604 is labeled.

The second detection unit 1506 performs detection pro-
cessing with use of only the model corresponding to the
determined detection processing range 1604.

Similarly, for a person in a squatting position, the layer/
range limitation unit 1505 focuses on a feature amount of a
layer image 1605, and determines a detection processing
range 1608 from a position of a head portion region 1606 and
a size of a model 1607. For a person in a forward tilting
position, the layer/range limitation unit 1505 also focuses on
a feature amount of a layer image 1609, and determines a
detection processing range 1612 from a position of a head
portion region 1610 and a size of a model 1611.

According to this configuration, it is possible to further
speed up the entire detection processing.

Various kinds of exemplary embodiments have been
described above as the first to third exemplary embodiments,
but all of them are only one example of the following con-
figuration. Other embodiments based on the following con-
figuration are also within the scope of the present invention.

An image including a target object is acquired (an image
acquisition step). Then, the image is enlarged/reduced at a
plurality of different magnifications to generate layer images
(alayer image generation step). Then, aregion of at least apart
of the target object is detected based on the layer images (a
first detection step). Then, a first specific part region is esti-
mated based on a first detected region detected in the first
detection step (a first estimation step). Then, a layer of the
layer images is limited based on the first specific part region
and learning data learned in advance (a layer limitation step).
Then, a region of at least a part of the target object is detected
in the layer image of the layer limited in the layer limitation
step (a second detection step). Then, a second specific part
region is estimated based on a second detected region
detected in the second detection step (a second estimation
step). Then, an estimated result estimated in the first estima-
tion step and an estimated result estimated in the second
estimation step are integrated to determine an integration
result as a specific part region of the target object (an integra-
tion step).

Having described exemplary embodiments in detail, the
present invention can be embodied in the form of, for
example, a system, an apparatus, a method, a program, or a
storage medium. In particular, the present invention may be

10

15

20

25

30

35

40

45

50

55

60

65

12

employed to a system constituted by a plurality of devices, or
may be employed to an apparatus constituted by a single
device.

Embodiments of the present invention can also be realized
by a computer of a system or apparatus that reads out and
executes computer executable instructions recorded on a stor-
age medium (e.g., non-transitory computer-readable storage
medium) to perform the functions of one or more of the
above-described embodiment (s) of the present invention, and
by a method performed by the computer of the system or
apparatus by, for example, reading out and executing the
computer executable instructions from the storage medium to
perform the functions of one or more of the above-described
embodiment(s). The computer may comprise one or more of
a central processing unit (CPU), micro processing unit
(MPU), or other circuitry, and may include a network of
separate computers or separate computer processors. The
computer executable instructions may be provided to the
computer, for example, from a network or the storage
medium. The storage medium may include, for example, one
or more of a hard disk, a random-access memory (RAM), a
read only memory (ROM), a storage of distributed computing
systems, an optical disk (such as a compact disc (CD), digital
versatile disc (DVD), or Blu-ray Disc (BD)™), a flash
memory device, a memory card, and the like.

While the present invention has been described with refer-
ence to exemplary embodiments, it is to be understood that
the invention is not limited to the disclosed exemplary
embodiments. The scope of the following claims is to be
accorded the broadest interpretation so as to encompass all
modifications, equivalent structures, and functions.

This application claims priority from Japanese Patent
Application No. 2012-082379 filed Mar. 30, 2012, which is
hereby incorporated by reference herein in its entirety.

What is claimed is:

1. An object detection method comprising the steps of:

acquiring an image including a target object;

generating a plurality of layer images by one or both of

enlarging and reducing the image at a plurality of differ-
ent scales;

detecting a region of at least a part of the target object as a

first detected region from at least one of the layer
images;

estimating a first estimated region based on the first

detected region;

selecting at least one of the layer images based on the

estimated first estimated region;

detecting a region of at least a part of the target object in the

selected layer image different from the first detected
region as a second detected region;

estimating a second estimated region based on the second

detected region; and

integrating the first estimated region and the second esti-

mated region,

wherein the first estimated region is estimated based on

coordinates and a size of the detected first detected
region; and

the second estimated region is estimated based on coordi-

nates and a size of the detection result of the second
detected region.

2. The object detection method according to claim 1,
wherein the first estimated region and the second estimated
region are integrated based on an overlap degree between the
first estimated region and the second estimated region.

3. The object detection method according to claim 1,
wherein a feature amount for each of the layer images is
generated when the layer image is generated.
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4. The object detection method according to claim 3,
wherein the first detected region is detected based on the
feature amount.

5. The object detection method according to claim 4,
wherein the second detected region is detected by performing
detection at each position by sliding a window of each model
which is learned in advance.

6. The object detection method according to claim 1,
wherein the first detected region and the second detected
region are detected by performing detection with use of
respectively different models.

7. The object detection method according to claim 1,
wherein at least one of the layer images is selected based on
a position of the first estimated region and a size of a model
used by detecting the second detected region.

8. The object detection method according to claim 1,
wherein the first detected region includes a head portion, and
the second detected region includes a body of a person.

9. The object detection method according to claim 1,
wherein the region of the target object is determined based on
an integrated result of the first estimated region and the sec-
ond estimated region.

10. The object detection method according to claim 1,
further comprising a step of outputting a detection result of
the target object based on an integrated region.

11. An object detection apparatus comprising:

an image acquisition unit configured to acquire an image

including a target object;
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a layer image generation unit configured to generate layer
images by one or both of enlarging and reducing the
image at a plurality of different scales;

a first detection unit configured to detect a region of at least
a part of the target object from at least one of the layer
images as a first detected region;

a first estimation unit configured to estimate a first esti-
mated region based on the first detected region;

a selection unit configured to select at least one of the layer
images based on the detected first estimated region;

a second detection unit configured to detect a region of at
least a part of the target object in the layer image of the
layer selected by the selection unit as a second detected
region;

a second estimation unit configured to estimate a second
estimated region based on the second detected region;
and

an integration unit configured to integrate the first esti-
mated region and the second estimation region,

wherein the first estimated region is estimated based on
coordinates and a size of the detected first detected
region; and

the second estimated region is estimated based on coordi-
nates and a size of the detection result of the second
detected region.

12. A non-transitory computer readable storage medium

storing a program that causes a computer to perform the
object detection method according to claim 1.
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